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Abstract
The central objective of this study is to analyze the level of efficiency in the management of urban solid waste
in the district municipalities of the southern macroregion of Peru in the year 2022 and how it is affected by
different variables and management strategies. For this, information from the National Registry of Munici-
palities (RENAMU) for the year 2022 prepared by the INEI was used. The hypothetical-deductive method
was used with a quantitative approach through an envelopment analysis model that allowed estimating the
level of efficiency of the 174 urban district municipalities. Subsequently, a Tobit model was estimated to
find how the management instruments affect the level of efficiency of the municipalities. It is concluded
that some districts operate with high efficiency in solid waste management, such as Machupicchu, Pichari,
Juli, while others have room to use their resources efficiently, such as Potoni, Cabanillas and Quilcapuncu.
Furthermore, it was found that municipalities with greater efficiency manage to collect a greater amount of
solid waste per capita and a higher level of waste collection coverage with similar resources to those inefficient
municipalities. On the other hand, the implementation of waste management plans, urban development
plans and institutional strategies are positively and significantly related to the level of efficiency.

Keywords: data envelopment analysis, efficiency, solid waste management, Tobit model.

Thematic classification: Q53: Air pollution, water pollution, noise pollution, hazardous waste, solid waste, recycling.
H11: Structure, scope, and performance of government.

Resumen
El objetivo central de este estudio es analizar el nivel de eficiencia en la gestión de residuos sólidos urbanos en
los municipios distritales de la macrorregión sur del Perú en el año 2022 y cómo se ve afectada por diferentes
variables y estrategias de gestión. Para ello, se utilizó información del Registro Nacional de Municipalidades
(RENAMU) del año 2022 elaborada por el INEI. Se empleó el método hipotético-deductivo con un enfoque
cuantitativo mediante un modelo de análisis envolvente que permitió estimar el nivel de eficiencia de las 174
municipalidades distritales urbanas. Posteriormente, se estimó un modelo Tobit para encontrar cómo afectan
los instrumentos de gestión al nivel de eficiencia de las municipalidades. Se concluye que algunos distritos
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operan con alta eficiencia en la gestión de residuos sólidos, como es el caso de Machupicchu, Pichari, Juli,
mientras que otras tienen margen para utilizar sus recursos de manera eficiente, como Potoni, Cabanillas y
Quilcapuncu. Además, se encontró que las municipalidades con mayor eficiencia logran recolectar una mayor
cantidad de residuos sólidos per cápita y un mayor nivel de cobertura de recojo de residuos con recursos
similares a aquellas municipalidades ineficientes. Por otro lado, la implementación de planes de gestión de
residuos, planes de desarrollo urbano y estratégicos institucionales se relacionan positiva y significativamente
con el nivel de eficiencia.

Palabras clave: análisis envolvente de datos, eficiencia, gestión de residuos sólidos, modelo Tobit.

1. Introduction
The rapid population growth in urban environments poses a significant challenge for the proper
management of generated solid waste. In line with Sustainable Development Goal 11, which focuses
on "Sustainable Cities and Communities", the need for efficient solid waste management is highlighted.
This effective management becomes essential to ensure that people in these urban environments can
enjoy a decent and healthy life (School of Public Management of the Universidad del Pacífico, 2021).
Currently, the efficient management of urban solid waste in the southern macroregion of Peru, which
comprises the regions of Arequipa, Apurímac, Cusco, Moquegua, Puno, and Tacna, is crucial, where
population growth and economic development have triggered a notable increase in waste generation,
which has generated a problem that demands immediate and strategic attention.

The southern regions of Peru comprise 16% of the gross domestic product and 16% of the total
population of Peru with 5,342,472 people (National Institute of Statistics and Informatics [INEI], 2022).
In addition, according to the Ministry of the Environment [MINAM] (2021), between 2014 and
2021, at the national level, the average daily production of municipal solid waste has increased from 19
thousand to 21 thousand tons. Also, in 2011, the Andean region had a solid waste generation per capita
of 0.547 kilograms per inhabitant per day, while the coast registered 0.628 kilograms. On the other
hand, the municipal solid waste disposed of in landfills or sanitary landfills was approximately 9 million
tons (Ministry of the Environment [MINAM], 2014).

Solid waste refers to materials in a solid or semi-solid state that must be disposed of by the generator
due to national regulations or the risks they pose to health and the environment. Its management is the
responsibility of the provincial and district municipalities, which must also implement management
instruments, such as the comprehensive environmental management plan for solid waste (PIGARS). This
plan addresses all stages of waste management and technical, environmental, economic, institutional,
and legal aspects. It also aims to solve environmental problems caused by urban waste, minimizing its
impact on the aquatic environment and sanitation systems, prioritizing environmental protection and
public health (Rondón et al., 2016).

In line with the above, data provided by the Comptroller General of the Republic of Peru (2019)
reveals that, up to 2019, 36% of municipalities lacked a solid waste characterization study. Similarly,
of the 45% of district municipalities that had this study, 79% did not maintain coordination with
the provincial municipalities. In addition, only 21% of them had a comprehensive environmental
management plan for solid waste (PIGARS). These figures show the lack of a clear coordination process
in terms of management instruments, which could have a negative impact on the efficiency of the
service.

In this sense, it is essential to achieve efficient municipal solid waste management that integrates all
social actors in an articulated manner and minimizes costs, ensuring optimal resource use. Otherwise,
the social costs of assuming this responsibility will involve an increase in diseases and the creation
of areas with precarious living conditions. Additionally, municipal authorities play a crucial role in
fostering the growth of healthy and competitive cities, which favors attracting investments (Gómez
and Flores, 2014).
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Another important aspect to consider is technical efficiency, which addresses the generation of
products (outputs) in terms of their quantity or quality in relation to the amount of resources or inputs
(inputs) used in the production process. In general terms, efficiency is achieved by using a smaller
amount of inputs for production or by producing more using the same amount of inputs (Cordeiro et
al., 2012).

2. Theoretical framework
As Law 27314 states, the purpose of solid waste management in the country is to achieve its complete
and sustainable management, through the coordination, unification, and adaptation of policies, plans,
programs, strategies, and actions of those involved in its management and handling, applying the policy
principles defined in Article 3 of the aforementioned law. Likewise, said law, in its article 10, indicates
that it is the responsibility of the district municipalities to provide the collection and transportation
services for the solid waste mentioned in the previous article, as well as to be responsible for the cleaning
of roads, public areas, and monuments within their scope.

The composition of municipal solid waste (MSW) differs depending on the geographic location
within the country and the size of the community where it is generated. This variability implies that a
large urban area may generate different types and per capita quantities of waste than a smaller rural
community (Jiménez, 2015). In this sense, more effective waste management is required to prevent
the creation of additional impact on the atmosphere and, at the same time, protect the soil and water
(Sánchez-Muñoz et al., 2020).

Numerous studies use data envelopment analysis (DEA) to create an evaluation tool that integrates
various indicators into a model, with the purpose of evaluating the efficiency of solid waste management
(Cavallin et al., 2016). Among this body of research, studies such as that of Orihuela (2018) stand
out, which indicates that the district municipalities of Peru have a lower level of efficiency in solid
waste collection management compared to the provincial municipalities. This phenomenon is mainly
attributed to the lack of adequate equipment, especially machinery, such as garbage trucks, which is
the main cause of their low efficiency. In this context, Betanzo et al. (2016) mentions the importance
of examining the density or volumetric weight factor in waste, as this factor influences the speed at
which collection trucks are filled.

Another important factor is that the cleaning staff, who are responsible for the activities related to
waste management, do not always have the required training and experience to carry out their duties
efficiently; likewise, there is a frequent rotation of personnel, with the incorporation of new members
in each municipal administrative transition (Bernache, 2015). To overcome this obstacle, Cervantes
and Castellanos (2022) and Zhou et al. (2022) suggest implementing comprehensive training programs
for the cleaning personnel involved in these processes.

According to Bernache (2015), another organizational challenge is related to the lack of sufficiency
in the coverage of collection and treatment services for municipal solid waste (MSW), where coverage
is defined as the indicator that reflects the percentage of users served by municipal collection systems.
This problem originates from the discrepancies existing in the practices adopted by the organizations
responsible for MSW management, leading to inefficient waste management and presenting a significant
challenge to achieving sustainable waste management.

However, these emerging challenges not only present obstacles but also open up opportunities
and ways to efficiently use these wastes, changing the perspective of seeing these materials not only
as worthless waste, but as valuable resources. In this sense, Rodríguez-Díaz et al. (2022) advocate for
approaching municipal solid waste management from a circular economy perspective.

Based on the above, Lamichhane and Tamang (2019) and Zhou et al. (2022) argue that effective
performance in municipal waste management is intrinsically linked to the implementation of effective
collection methods, the use of suitable equipment, the optimization of human resources, the acquisition
of appropriate vehicles for transportation, temporal efficiency in the execution of collection and
meticulous planning of the corresponding routes. Likewise, Abarca-Guerrero et al. (2015) argue that
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it is up to the municipalities to strengthen each of these areas, which have a positive impact on the
performance of the system.

In this area, Reyna et al. (2017) identify positive factors that contribute to the improvement
of the management system, which would be the support of local authorities combined with the
implementation of strategic and logistical plans that allow for annual monitoring and evaluation of the
process. In parallel, in the European context, the objectives and goals set out in waste management
plans have played a crucial role in driving significant improvements, marking a path towards more
effective and sustainable practices (Carvajal et al., 2022).

However, despite these advances, García-Mondragón et al. (2023) take a critical perspective by
considering that the implementation of strategic management plans and public policies acts more as a
theoretical guide for integrated solid waste management (ISWM), since the evolution and production of
waste often exceed the capacity of these plans, evidencing institutional deficiencies and the persistence
of unresolved problems in solid waste management.

In an international context, there are also studies that address the efficiency of solid waste manage-
ment, such as the study by Mohamed et al. (2017) in the state of Jengka Pahang in Malaysia, where
they use the DEA model to analyze the collection frequency per week in hours and number of garbage
trucks as input variables, while the output variable was the total amount of solid waste collected in
kilograms, where they showed that only three of the 23 areas evaluated achieved optimal efficiency.

Another study is by Zhou et al. (2022) who use a DEA model to evaluate the efficiency of solid waste
collection and disposal in 27 cities in the Yangtze River Delta region of China, with the inputs being
the investment of municipalities in solid waste treatment and the number of garbage collection trucks,
while the outputs were the amount of solid waste collected and treated, from which they determined
that only 9 of the total cities use their resources efficiently for proper solid waste management.

Likewise, Das Mercês Costa et al. (2024) analyze the efficiency of solid waste management in
940 urban municipalities in Brazil using a DEA model, where they consider the number of cleaning
personnel and garbage trucks as inputs and the amount of solid waste collected and the population
served as outputs, determining that only 12.34% of the municipalities were evaluated as efficient.

Therefore, two research questions are raised: 1) What is the level of efficiency in the management
of municipal solid waste in the district municipalities of the southern macroregion of Peru in 2022?
and 2) How is this efficiency affected by different variables and management strategies? To this end,
the data envelopment analysis model was used to find the level of efficiency of the municipalities and to
see how it is affected by different variables and management strategies.

3. Materials and Methods
This research is quantitative in approach and non-experimental in design given the nature of economic
sciences (Mendoza, 2014). However, it does not intend to rule out the use of logical deduction based
on basic principles of economic theories, since this approach is crucial to achieve a more complete and
profound understanding of social reality (Sánchez-Bayón et al., 2023).

The information source is secondary and was obtained from the National Registry of Municipalities
(RENAMU) of 2022, prepared by the INEI, which allows the use of statistical data from provincial, dis-
trict, and urban municipalities to create municipal metrics that are fundamental to support management
at the regional and local level, facilitating planning and effective decision-making.

3.1 Data Envelopment Analysis (DEA)
For this research, the data envelopment analysis (DEA) method was chosen, designed by Charnes et al.
(1978) based on the work of Farrell (1957). This approach makes it possible to obtain a relative indicator
of efficiency by comparing decision-making units (DMUs) and offers the advantage of relaxing certain
strong assumptions about the functional form of production. It also allows for the use of multiple
inputs to obtain multiple outputs. Thus, DEA is a non-parametric method that allows us to distinguish
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between a set of efficient decision-making units that offer a maximum amount of outputs using a level
of inputs or the minimum level of inputs necessary to maintain the level of output.

In the DEA problem formulation to determine relative efficiency indicators, fractional linear
programming techniques are used. These techniques seek to maximize the efficiency of each DMU
evaluated, without relying on arbitrary weights. In this approach, multiple inputs that are independent
of each other are used to generate multiple outputs. Both inputs and outputs can take various forms
and be expressed in different units of measurement, as long as they maintain common characteristics
to be compared between DMUs.

The solution to the problem offers an efficiency ranking among the evaluated units, but this ranking
can change if there are modifications in the selected units, inputs, and outputs. Achieving maximum
efficiency does not imply that the best classification obtained is the maximum possible; other units
could improve their performance. This means that an efficient unit uses fewer resources to obtain
the same results or achieves more results using the same amount of resources (Fonseca and González,
2002). For these reasons, the district municipalities of the urban area of the southern macroregion are
specifically considered.

Data envelopment analysis (DEA) is an innovative method, introduced by Charnes et al. (1978),
that is used to evaluate the efficiency of decision-making units (DMUs), such as companies or public
sector entities, in a non-parametric way. In essence, DEA seeks to measure the technical efficiency of a
DMU by comparing the desired outputs with the inputs used. The original model proposed by CCR
focused on technologies with constant returns to scale globally, but variants have since been developed
to adapt to different situations (Coelli et al., 1998).

Charnes et al. (1978), Ray (2004) and Coelli et al. (1998) point out that technical efficiency is
calculated as the weighted ratio between desired outputs and inputs used. In the CCR model, also
known as CRS for considering constant returns to scale, the technical efficiency of a DMU is evaluated
using an input-oriented fractional program. This means that the aim is to optimize the relationship
between inputs and produce the maximum possible amount of outputs with those inputs.

In other words, DEA seeks to answer the question of how well an entity is using its resources to
generate products or services. If an entity operates efficiently, it will be close to the envelope that
defines the upper bound of efficiency. On the other hand, entities that are below this envelope could
improve their efficiency by adjusting the combination of inputs and outputs.

This methodology is relevant in strategic decision-making, as it provides information on how to
improve operational efficiency and make the most of available resources. In addition, DEA has evolved
over time, adapting to different contexts and playing a crucial role in the management and evaluation
of efficiency in various sectors such as solid waste management (Equation 1, Equation 2, Equation 3,
Equation 4).

h0(µ, v) =

k∑
r=1

yr0µr

m∑
i=1

viaxia

(1)

s.a.

k∑
r=1

yrjµr

m∑
i=1

vijvi

≤ 1 (2)

µr ≥ ε ; vi ≥ ε (3)
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ε > 0 (4)

Where:

h0 : Objective function to be maximized.

yr : Products or outputs, where r = 1, 2, . . ., k

xi : Inputs or inputs, where i = 1, 2, . . ., m

j : District municipalities of the study, also j = 1, 2, . . . , n

µ : Weighted weight for products.

v : Weighted weight for inputs.

The above maximization problem can be converted into two linear programming problems, the
primal and the dual.

In primal linear programming, the problem is solved by minimizing the difference between
efficiency and input and output slacks (Equation 5, Equation 6, Equation 7, Equation 8).

gI = θ – 1T s– – 1T s+ (5)

s.a. θx0 – Xλ – s– = 0 (6)

Yλ – y0 – s+ = 0 (7)

λ , s+ , s– ≥ 0 (8)

Where:

gI : is the objective function to be minimized.
s– : Slack variables associated with inputs.
s+ : Slack variables associated with outputs.
x0 : Input vector of the reference unit (efficient unit) that is used as a point of comparison.
y0 : Output vector of the reference unit that is used as a point of comparison.
X : Matrix containing the amounts of inputs used by each DMU.
Y : Matrix containing the amounts of outputs produced by each DMU.
λ : Weight vector assigned to DMUs in relation to inputs.
While in dual linear programming, the following is sought (Equation 9, Equation 10, Equation 11,

Equation 12):

hI = uTy0 (9)

s.a uTY – vTX ≤ 0 (10)
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vTx0 = 1 (11)

u , v ≥ ε (12)

Each DMU solves the optimization problem of both primal and dual linear programming in order
to assign the most favorable weights to its products/outputs and its inputs/inputs. In the case that the
value of θ is equal to one and all slack variables are equal to zero, the DMU is defined as efficient and is
incorporated into the efficiency frontier. On the other hand, if θ is less than one, it means that there is
a need to reduce inputs/inputs, without altering outputs, to position itself on the efficiency frontier.
Thus, DMUs adjust their inputs with the aim of improving efficiency, and keeping outputs constant.

Therefore, for the case under study, the primal and dual linear programs will be as follows (Equation
13, Equation 14, Equation 15, Equation 16, Equation 17, Equation 18, Equation 19):

Primal:

gI = θi – s–1i – s–2i – s+1i – s+2i (13)

s.a θx0 – λ1ix1i – λ2ix2i – λ3ix3i – s–1i – s–1i = 0 (14)

λ4iy1i – λ5ix2i – y0i – s+1i – s+2i (15)

λ1i, λ2i, λ3i, λ4i, λ5i, s+1i, s+2i, s–1i, s–2i ≥ 0 (16)

Dual:

hI = u1iy1i + u2iy2i (17)

s.a µ1iy1i + µ2iy2i – v1ix1i – v2ix2i – v3ix3i ≤ 0 (18)

u1i, u2i, v1i, v2i, v3i ≥ ε (19)

Where:
Outputs:
y1i : Quantity of per capita solid waste collected (kg/inhabitant) from the i-th district municipality.
y2i : Solid waste collection coverage of the i-th district municipality.
Inputs:
x1i : Number of operational collection trucks in the i-th district municipality.
x2i : Number of cleaning personnel in the i-th district municipality.
x3i : Frequency of solid waste collection in the i-th district municipality.
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Weights and slacks:
λ1i , λ2i , λ3i: Weights associated with inputs x1, x2, x3 respectively of the i-th district municipality,

in the primal problem.
µ4i , µ5i: Weights associated with outputs y1 and y2 respectively of the i-th district municipality,

in the primal problem.
v1i , v2i , v3i: Weights associated with inputs x1 , x2 , x3respectively of the i-th district municipality,

in the dual problem.
u1i , u2i: Weights associated with outputs y1 and y2 respectively of the i-th district municipality, in

the dual problem.

3.2 Tobit Model
The Tobit model is a statistical technique used to address censoring in data. Censoring occurs when
not all observations of a variable of interest are observable or completely recorded. There can be
left-censoring (when observations below a certain threshold are not recorded) or right-censoring
(when observations above a certain threshold are not recorded) (Greene, 2003; Wooldridge, 2010).

This model was proposed by Tobin (1958) and is particularly useful when dealing with dependent
variables that are censored; that is, they have many values that are below or above a certain limit. It is
estimated using the maximum likelihood method (MLE), where the likelihood function is maximized
to obtain estimates of the model parameters.

The general formulation of the upper-censored Tobit model is as follows (Equation 20, Equation
21):

y∗i = xT
i β + ui (20)

{
y∗i , si y∗i ≤ τ

τy, si y∗i > τ
(21)

Where:

y: Censoring point of the dependent variable.
y∗i : Latent variable that is observed for values less than or equal to the censoring point
xi: Explanatory variables.
ui: Error term
In the case of DEA, as indicated by Ji and Lee (2010), the predominant methodology for identifying

the factors that influence efficiency disparities between decision-making units (DMUs) is the application
of Tobit regression analysis. This is because efficiency scores are subject to censoring when they exceed
the maximum value; therefore, the Tobit regression method uses the efficiency scores as the dependent
variable that is subject to the influences of other related variables.

Therefore, the Tobit model is used to estimate the effect of the main determinants that influence
the efficiency in solid waste management, which has the following form (Equation 22):

θi = β0 + β1PRSi + β2PDUrbano + β3PEI + ui (22)

Where:

i: Efficiency in per capita solid waste collection and solid waste collection coverage of the i-th
district municipality.
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PRSi: Number of solid waste plans in the i-th district municipality.
PDUrbanoi: The i-th district municipality has an urban development plan.
PEIi: The i-th district municipality has an institutional strategic plan.

4. Results:
Table 1 shows the operationalization of variables, distinguishing between inputs and outputs.

Table 1. Operationalization of variables

Variables Values Variable typeInputs (inputs of the solid waste management process))
collector_trucks Number of operational

garbage collection trucks
Values between 0 and 20 Discreet

cleaning_staff Total number of cleaning
staff

Values between 0 and 309 Discreet

frequency_rrs

Frequency of solid waste
(garbage) collection
carried out by the
municipality

1: Daily

Ordinal2: Interday
3: Twice a week
4: Once a week

Outputs (Productos del proceso de gestión de residuos sólidos) Values Variable type

coverage_rrs
Coverage of the solid
waste collection service in
the district

1: Less than 25% Ordinal
2: From 25% to 49%
3: From 50% to 74%
4: 4: From 75% to 100%

collection_percapita Average daily amount of
solid waste per capita

Values between .021 and
1.99 kg/inhabitant

Discreet

Source: own elaboration.

Also, Table 2 shows the management instruments that will be considered to estimate the Tobit
model.

Table 2. Management instruments related to solid waste

Variables Variable type and values

PRS(Solid Waste
Plan)

· Comprehensive Environmental Manage-
ment Plan for Solid Waste Discrete from 0 to 6, where 0

indicates that the municipality
does not have any PRS, 1: that it
has at least one plan, etc.

· Solid Waste Management Plan
· Solid Waste Transformation Program
· Source Segregation and Selective Collec-
tion of Solid Waste Program
· Solid Waste Collection System
· Solid Organic Waste Recovery Plan
· Solid Waste Characterization Study

Pdurbano Urban Development Plan 0: No
1: Yes

Pei Institutional strategic plan 0: No
1: Yes

Source: own elaboration

Table 3 shows the efficiency ranking of the 10 most efficient and least efficient municipalities.
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Table 3. Efficiency results of district municipalities in solid waste collection per capita and coverage in solid waste
collection.

DMU Ranking Theta DMU Ranking Theta
Cusco Machupicchu 1 1 Arequipa Jacobo hunter 165 0.33
Cusco Pichari 2 1 Puno Coasa 166 0.28
Puno Juli 3 1 Puno Pucara 167 0.25
Madre de
dios

Laberinto 4 1 Puno Jose Domingo
Choquehuanca

168 0.25

Madre de
dios

Iberia 5 1 Moquegua El algarrobal 169 0.25

Cusco Chinchero 6 1 Madre de
dios

Huepetuhe 170 0.25

Puno Pichacani 7 1 Cusco Coya 171 0.25
Cusco Saylla 8 1 Puno Potoni 172 0.21
Puno Desaguadero 9 1 Puno Cabanillas 173 0.18
Cusco Ollantaytambo 10 1 Puno Quilcapuncu 174 0.18

Source: Own elaboration using STATA 17.0

The results can also be observed through the following heat maps of the southern macro-region of
Peru, which shows the municipalities and their respective coverage in Figure 1, as well as the amount
of per capita solid waste collection in Figure 2.
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Figure 1. Heat map of the percentage of solid waste collection coverage.

Source: Own elaboration using STATA 17.0
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Figure 2. Heat map of the per capita amount of waste collection (kg/inhabitant)

Source: Own elaboration using STATA 17.0

According to the results obtained through the DEA analysis, using the inputs of waste collection
trucks, number of cleaning personnel and collection frequency, five district municipalities were iden-
tified that appear to operate on the "frontier of efficiency". These municipalities have managed to
optimize their resources for solid waste management, reflected in Theta values closer to 1. These
municipalities are Machupicchu, Pichari, Juli, Laberinto and Iberia.

On the other hand, it was observed that some municipalities are at the opposite end of the ranking,
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with efficiency values close to zero. This suggests that these municipalities still have room to improve
their solid waste management practices. These municipalities include Huepetuhe, Coya, Potoni,
Cabanillas and Quilcapuncu.

In the case of the municipalities of Machupicchu and Pichari, the solid waste collection coverage
is between 75% and 100% and the collection frequency is daily; in addition, both have a solid waste
management plan, a solid organic waste recovery plan and a solid waste characterization study.

Likewise, the municipalities of Potoni, Cabanillas and Quilcapuncu, which are at the bottom of
the efficiency ranking, have a waste collection coverage of between 50 and 74% and the collection
frequency is once a week; the municipalities only have the solid waste management plan and lack other
management instruments.

Finally, when comparing the municipalities at the extremes of relative efficiency, a particular case is
observed between Pichari and Potoni. Both municipalities have two waste collection trucks; however,
while Pichari manages to collect 35,000 kilos of solid waste, Potoni barely reaches 2,000 kilos. This
contrast highlights how certain municipalities, despite having a similar amount of resources (inputs),
manage to produce a considerably different output. The results of the Tobit model estimation are
presented in Table 4.

Table 4. Results of the Tobit model

Variables Marginals
Effects

Solid Waste Plan (Prs) 0.0241*
(0.0139)

Urban Development Plan
(Pdurbano)

0.1465***
(0.0483)

Institutional strategic plan (Pei) 0.1127***
(0.0436)

F (3, 171) 14.52
pseudo R2 0.4467
Prob > F 0
Log pseudolikelihood -17.3088
Standard errors in parentheses, * p<.1, ** p<.05, *** p<0.01

Source: Own elaboration

According to the Tobit model results, the dependent variable is the level of efficiency and the inde-
pendent variables are whether the municipalities have at least one solid waste plan, urban development
plan and institutional strategic plan. The LR chi2(3) statistic yields a value of 27.95, which indicates that
the considered variables are statistically significant jointly in explaining efficiency. Additionally, with a
Prob > chi2 = 0.0000, the null hypothesis of coefficients equal to zero is rejected. In summary, these
results suggest that the variables have a significant joint effect in explaining the efficiency evaluated.

5. Discussion
According to the DEA-Tobit model estimation, it was found that those municipalities that are in the
top efficiency ranking have at least 3 solid waste plans; specifically, the municipalities of Machupicchu,
Pichari and Juli. This contrasts with the municipalities that are in the last places of the ranking, such as
Potoni, Cabanillas and Quilcapuncu, which only have 1 solid waste plan. In this sense, the importance
of implementing strategic and logistical plans is highlighted, as suggested by Reyna et al. (2017) and
Carvajal et al. (2022).

On the other hand, the mentioned municipalities have the same amount of inputs, such as cleaning
personnel or collection trucks, given the importance of these, as Bernache (2015) points out; however
Zhou et al. (2022) also highlights the importance of their training to improve the efficiency of their
functions. This could be an indication of how some municipalities with the same amount of inputs
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achieve a much higher output by making more efficient use of resources. Especially considering that
the variables were normalized in per capita terms.

Regarding the estimation of the Tobit model, its marginal effects allowed us to find that having
an additional solid waste management plan is positively associated with the level of efficiency of the
municipalities; on average, with an increase of 0.0241 units in efficiency with a significance level of
10%, keeping other variables constant.

Likewise, having an urban development plan has a positive relationship with efficiency in solid
waste management. It is associated, on average, with an increase of 0.1465 units in efficiency at the
1% significance level, compared to municipalities that do not have such a plan, holding other variables
constant. These results are in line with those found by García-Mondragón et al. (2023), who considers
that when implementing these management instruments, they act as a theoretical guide for the solid
waste management process, but it is crucial to consider the evolution and production of solid waste
that could exceed the action capacity of the plans.

In addition, the existence of an institutional strategic plan is linked, on average, to an increase
of 0.1127 units in efficiency at the 1% significance level, compared to municipalities that lack an
institutional strategic plan, holding other variables constant.

Consequently, public policies and strategic plans should focus on promoting environmental ed-
ucation and stimulating active citizen participation in environmental preservation. This approach
can trigger a series of valuable and significant benefits and opportunities, such as a reduction in the
production of solid waste, the extension of the useful life of disposal sites, the strengthening of a formal
recycling market, the creation of new businesses to meet the needs of the sector, and the generation
of both direct and indirect employment. Likewise, within the framework of state reform and mod-
ernization, strategic planning has acquired significant importance and is considered fundamental to
achieving organizational objectives more efficiently and effectively (Castro, 2014).

6. Conclusions
The results of the analysis show that some municipalities operate with high efficiency in solid waste
management, while others have room for improvement. For example, it was observed that municipalities
such as Pichari manage to collect a considerable amount of solid waste with resources similar to those
that collect a much smaller amount, such as Potoni. It was identified that the most efficient municipalities
usually have several solid waste management plans. Additionally, it was found that the presence of
urban development and institutional strategic plans is positively related to efficiency. These results
highlight the importance of strategic planning and efficient resource use in solid waste management.
However, it is also acknowledged that the action capacity of the plans can be exceeded by the evolution
of waste production, which suggests the need for adaptability in these management strategies.

As a future research line, it is proposed to carry out a comparative analysis at the national and
international levels with the aim of identifying the best practices in solid waste management. This
study will not only allow the recognition of successful strategies in different contexts, but will also
provide the opportunity to explore innovations and avant-garde approaches in the field; in addition, it
will offer valuable knowledge for the adaptation and improvement of existing policies and practices in
the district municipalities of the southern macro-region of Peru, thus promoting more effective and
sustainable management of urban solid waste.



Semestre Económico 131

Author Contributions
Ernesto Carlos Narciso Quispe Huayta: Conceptualization, Investigation, Formal analysis, Writing –
original draft, Methodology, Supervision, Validation, Visualization, Writing – review & editing. Edson
Efrain Sarmiento Quispe: Conceptualization, Investigation, Formal analysis, Writing – original draft,
Methodology, Supervision, Validation, Visualization, Writing – review & editing. Lisbeth Whitney
Calli Vilca: Conceptualization, Investigation, Formal analysis, Writing – original draft.

Funding
Without financing

Conflict of interest
The authors declare that they have no conflict of interest

http://credit.niso.org/contributor-roles/conceptualization/
http://credit.niso.org/contributor-roles/investigation/
http://credit.niso.org/contributor-roles/formal-analysis/
http://credit.niso.org/contributor-roles/writing-original-draft/
http://credit.niso.org/contributor-roles/writing-original-draft/
http://credit.niso.org/contributor-roles/methodology/
http://credit.niso.org/contributor-roles/supervision/
http://credit.niso.org/contributor-roles/validation/
http://credit.niso.org/contributor-roles/visualization/
http://credit.niso.org/contributor-roles/writing-review-editing/
http://credit.niso.org/contributor-roles/conceptualization/
http://credit.niso.org/contributor-roles/investigation/
http://credit.niso.org/contributor-roles/formal-analysis/
http://credit.niso.org/contributor-roles/writing-original-draft/
http://credit.niso.org/contributor-roles/methodology/
http://credit.niso.org/contributor-roles/supervision/
http://credit.niso.org/contributor-roles/validation/
http://credit.niso.org/contributor-roles/visualization/
http://credit.niso.org/contributor-roles/writing-review-editing/
http://credit.niso.org/contributor-roles/conceptualization/
http://credit.niso.org/contributor-roles/investigation/
http://credit.niso.org/contributor-roles/formal-analysis/
http://credit.niso.org/contributor-roles/writing-original-draft/


132 Ernesto Carlos Narciso Quispe-Huayta y et al.

Referencias
Abarca-Guerrero, L., Maas, G., & Hogland, W. (2015) Desafíos en la gestión de residuos sólidos

para las ciudades de países en desarrollo. Revista Tecnología en Marcha, 28(2), 141-168.
https://doi.org/10.18845/tm.v28i2.2340

Bernache Pérez, G. (2015) La gestión de los residuos sólidos: Un reto para los gobiernos locales. Sociedad y
Ambiente, 1(7), 72-98. https://doi.org/10.31840/sya.v0i7.1592

Betanzo-Quezada, E., Torres-Gurrola, M. Á., Romero-Navarrete, J. A., & Obregón-Biosca, S. A.
(2016) Evaluación de rutas de recolección de residuos sólidos urbanos con apoyo de dispositivos de rastreo
satelital: Análisis e implicaciones. Revista Internacional de Contaminación Ambiental, 32(3),
323-337. https://doi.org/10.20937/RICA.2016.32.03.07

Carvajal Romero, H., Teijeiro Álvarez, M., & García Álvarez, M. T. (2022) Análisis de la gestión
de los residuos sólidos urbanos en Europa. Universidad y Sociedad, 14(1), Article 1.
https://rus.ucf.edu.cu/index.php/rus/article/view/2570

Castro Díaz, I. R. (2014) Plan estratégico para la gestión de residuos sóli-
dos domiciliarios en la comuna de Hualaihué [Trabajo de titulación,
Universidad Austral de Chile; Tesis en formato electrónico y papel].
http://catalogobiblioteca.uach.cl:8080/ipac20/ipac.jsp?session=17113D9GU7364.18936&profile=bi
bteja&source=!̃biblioteca&view=subscriptionsummary&uri=full=3100001!̃111224!̃2&ri=7&aspect=
power&menu=search&ipp=20&spp=20&staffonly=&term=Ingeniero+Civil+Industrial&index=.SW
&uindex=&oper=AND&term=FORMATO+ELECTR%C3%93NICO&index=.TW&uindex=&o
per=AND&term=castro&index=.AW&uindex=&aspect=power&menu=search&ri=7&limitbox_1=
CO01+=+TES

Cavallin, A., Rossit, D., Frutos, M., & Vigier, H. (2016, noviembre 3) Efi-
ciencia en la gestión de residuos sólidos urbanos: Análisis y evalu-
ación. IX Congreso de Ingeniería Industrial – COINI 2016, Argentina.
https://www.researchgate.net/publication/313227583_Eficiencia_en_la_gestion_de_Residuos_Soli
dos_Urbanos_analisis_y_evaluacion

Cervantes, J. A. T., & Castellanos, C. E. Q. (2022) Gestión de residuos sólidos urbanos en México: Un
caso de estudio desde la perspectiva organizacional. Revista de Administração de Empresas, 62(3),
e2020-0759. https://doi.org/10.1590/s0034-759020220302

Charnes, A., Cooper, W. W., & Rhodes, E. (1978) Measuring the efficiency of decision making units. Euro-
pean Journal of Operational Research, 2(6), 429-444. https://doi.org/10.1016/0377-2217(78)90138-
8

Coelli, T., Rao, D. S. P., & Battese, G. E. (1998) An Introduction to Efficiency and Productivity Analysis.
Springer US. https://doi.org/10.1007/978-1-4615-5493-6

Contraloría General de la República del Perú. (2019) Informe consolidado del operativo
«Por una ciudad limpia y saludable—A la prestación del servicio de limpieza pública
a cargo de municipalidades» (INFORME No 611-2019-CG/AGR-OC; pp. 1-12).
https://apps5.contraloria.gob.pe/sroc/doc/historicos/resumen/2019-05.pdf

Cordeiro, J. J., Sarkis, J., Vazquez-Brust, D., Frater, L., & Dijkshoorn, J. (2012) An evaluation of tech-
nical efficiency and managerial correlates of solid waste management by Welsh SMEs using parametric
and non-parametric techniques. Journal of the Operational Research Society, 63(5), 653-664.
https://doi.org/10.1057/jors.2011.22



Semestre Económico 133

Das Mercês Costa, I., Dias, M. F., & Robaina, M. (2024) Evaluation of the efficiency of urban solid waste
management in Brazil by data envelopment analysis and possible variables of influence. Waste Disposal &
Sustainable Energy. https://doi.org/10.1007/s42768-023-00175-x

Escuela de Gestión Pública de la Universidad del Pacífico. (2021) Informe especial: Los
Objetivos de Desarrollo Sostenible de la Agenda 2030 y los planes de gobierno.
https://sisisemail.up.edu.pe/sisisemail/docs/2021/157/Los-Objetivos-de-Desarrollo-Sostenible-
de-la-Agenda-2030-y-los-Planes-de-Gobierno.pdf

Farrell, M. J. (1957) The Measurement of Productive Efficiency. Journal of the Royal Statistical Society.
Series A (General), 120(3), 253-290. https://doi.org/10.2307/2343100

Fonseca, A., & González, M. (2002) Evaluación de la eficiencia en los sistemas de residuos sólidos ur-
banos en Portugal a través del método data envelopment analysis. Novos desafios na Gestão, Inno-
vação ou renovação? XII Jornadas Luso-Espanholas de gestão científica, Vol. 8, 2002 (Econo-
mia da Empresa e Matemática Aplicada), ISBN 972-9209-91-X, págs. 246-255, 246-255.
https://dialnet.unirioja.es/servlet/articulo?codigo=5871384

García-Mondragón, D., Cervantes-Zepeda, I., Gómez-Demetrio, W., Gallego-Alarcón, I.,García-
Pulido, D., & González-Blanco, G. (2023) Gestión de los residuos sólidos en Méx-
ico: Análisis cualitativo de los diagnósticos básicos: Solid waste management in Mex-
ico: qualitative analysis of basic diagnoses. INTER DISCIPLINA, 11(30), 215-242.
https://doi.org/10.22201/ceiich.24485705e.2023.30.81788

Gómez de Zea, R., & Flores, F. (2014) Ciudades sostenibles y gestión de residuos sólidos. Universidad del
Pacífico, Centro de Investigación. http://hdl.handle.net/11354/2301

Greene, W. H. (2003) Econometric analysis (5th ed). Prentice Hall. http://bvbr.bib-
bvb.de:8991/Ffunc=service&doc_library=BVB01&doc_number=009940516&line_number=0001&
func_code=DB_RECORDS&service_type=MEDIA

Instituto Nacional de Estadística e Informática. (2022) Perú: Proyecciones de población total según
departamento, provincia y distrito, 2018-2022. https://www.gob.pe/institucion/inei/informes-
publicaciones/3464927-peru-proyecciones-de-poblacion-total-segun-departamento-provincia-
y-distrito-2018-2022

Ji, Y., & Lee, C. (2010) Data envelopment analysis. The Stata Journal: Promoting Communications on
Statistics and Stata, 10(2), 267-280. https://doi.org/10.1177/1536867X1001000207

Jiménez Martínez, N. M. (2015) La gestión integral de los residuos sólidos urbanos en México: Reflexiones
sobre su implementación. En Pasado, presente y futuro de las regiones en México y su estudio. Asociación
Mexicana de Ciencias para el Desarrollo Regional, A. C. https://ru.iiec.unam.mx/2912/

Lamichhane, H. R., & Tamang, G. (2019) Efficiency assessment of municipal solid waste management
in Nepal. International Journal of Progressive Sciences and Technologies, 14(2), Article 2.
https://ijpsat.org/index.php/ijpsat/article/view/864

Mendoza Bellido, W. (2014) Cómo investigan los economistas: Guía para elaborar y desarrol-
lar un proyecto de investigación. Pontificia Universidad Católica del Perú. Fondo Editorial.
https://repositorio.pucp.edu.pe/index/handle/123456789/170200

Ministerio del Ambiente - MINAM. (2014) Informe nacional del estado del ambiente 2012-2013 |
sinia. Ministerio del Ambiente. https://sinia.minam.gob.pe/documentos/informe-nacional-estado-
ambiente-2012-2013



134 Ernesto Carlos Narciso Quispe-Huayta y et al.

Ministerio del Ambiente - MINAM. (2021) Gestión integral de residuos sólidos.
https://cdn.www.gob.pe/uploads/document/file/2248485/1_ppt2021.pdf.pdf

Mohamed, S. R., Ghazali, N. F. M., & Mohd, A. H (2017) The input and output management of solid
waste using DEA models: A case study at Jengka, Pahang. 040057. https://doi.org/10.1063/1.4995889

Orihuela Paredes, J. C. (2018) Un análisis de la eficiencia de la gestion municipal de residuos sólidos en el
Perú y sus determinantes. Instituto Nacional de Estadistica e Informatica.

Ray, S. C. (2004) Data envelopment analysis: Theory and techniques for economics and operations research.
Cambridge University Press. https://doi.org/10.1017/CBO9780511606731

Reyna Castillo, M. Á., Jiménez Ferretiz, L. E., & Marín Yáñez, T. (2017) Manejo de residuos sólidos
urbanos (RSU) en la administración municipal de Tampico, Tamaulipas. La participación de la comunidad
como parte interesada. XXII Congreso Internacional de Contaduría, Administración e Informática,
Ciudad de México. https://investigacion.fca.unam.mx/memoria_2017.php

Rodríguez-Díaz, A., Díaz-Mendoza, C., Pasqualino, J., & Bahamón-Restrepo, A. (2022) Análisis com-
parativo de los planes de gestión de residuos sólidos de Bogotá D.C y Ciudad de México. Producción +
Limpia, 17(1), 112-135. https://doi.org/10.22507/pml.v17n1a7

Rondón Toro, E., Szantó Narea, M., Pacheco, J. F., Contreras, E., & Gálvez, A. (2016) Guía general
para la gestión de residuos sólidos domiciliarios. Comisión Económica para América Latina y el
Caribe. https://www.cepal.org/es/publicaciones/40407-guia-general-la-gestion-residuos-solidos-
domiciliarios

Sánchez-Bayón, A., A. Urbina, D., Alonso-Neira, M. Á., & Arpi, R. (2023) Problema del conocimiento
económico: Revitalización de la disputa del método, análisis heterodoxo y claves de innovación docente.
Bajo Palabra, 34, 117-140. https://doi.org/10.15366/bp2023.34.006

Sánchez-Muñoz, M. D. P., Cruz-Cerón, J. G., & Maldonado-Espinel, P. C. (2020) Gestión de residuos
sólidos urbanos en América Latina: Un análisis desde la perspectiva de la generación. Revista Finanzas y
Política Económica, 11(2), 321-336. https://doi.org/10.14718/revfinanzpolitecon.2019.11.2.6

Tobin, J. (1958) Estimation of relationships for limited dependent variables. Econometrica, 26(1), 24-36.
https://doi.org/10.2307/1907382

Wooldridge, J. M. (2010) Econometric analysis of cross section and panel data (2nd ed). MIT
Press. https://mitpress.mit.edu/9780262232586/econometric-analysis-of-cross-section-and-panel-
data/

Zhou, A., Wang, W., Chu, Z., & Wu, S. (2022) Evaluating the efficiency of municipal solid waste collection
and disposal in the yangtze river delta of China: A dea-model. Journal of the Air & Waste Management
Association, 72(10), 1153-1160. https://doi.org/10.1080/10962247.2022.2077473


	Introduction
	Theoretical framework
	Materials and Methods
	Data Envelopment Analysis (DEA)
	Tobit Model

	Results:
	Discussion
	Conclusions
	Author Contributions
	Funding
	Conflict of interest
	Referencias

